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La Transformación del mercado laboral
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AUTOMATION COULD DISPLACE A SIGNIFICANT SHARE OF WORK GLOBALLY 
TO 2030; 15 PERCENT IS THE MIDPOINT OF OUR SCENARIO RANGE 
In our prior report on automation, we found that about half the activities people are paid to 
do globally could theoretically be automated using currently demonstrated technologies.3 
Very few occupations—less than 5 percent—consist entirely of activities that can be 
fully automated. However, in about 60 percent of occupations, at least one-third of the 
constituent activities could be automated, implying substantial workplace transformations 
and changes for all workers. All this is based on our assessments of current technological 
capability—an ever evolving frontier (Exhibit E1). 

While technical feasibility of automation is important, it is not the only factor that will influence 
the pace and extent of automation adoption. Other factors include the cost of developing 
and deploying automation solutions for specific uses in the workplace, the labor market 
dynamics (including quality and quantity of labor and associated wages), the benefits 
of automation beyond labor substitution, and regulatory and social acceptance. Taking 
into account these factors, our new research estimates that between almost zero and 
30 percent of the hours worked globally could be automated by 2030, depending on the 
speed of adoption. In this report we mainly use the midpoint of our scenario range, which is 
15 percent of current activities automated. Results differ significantly by country, reflecting 

3 Our definition of automation includes robotics (machines that perform physical activities) and artificial 
intelligence (software algorithms that perform calculations and cognitive activities). Companies may adopt 
these technologies for reasons other than labor cost savings, such as improved quality, efficiency, or scale, 
although worker displacement could still be a consequence. A glossary of automation technologies and 
techniques is in the technical appendix.

Exhibit E1

Global workforce numbers at a glance

SOURCE: McKinsey Global Institute analysis

1 "Slowest" and "fastest" adoption refer to the two extremes of the scenario range we used in our automation adoption modeling, the latest and earliest 
scenarios, respectively. See Chapter 1 for details.

2 Full-time equivalents.
3 In trendline labor-demand scenario.
4 Rising incomes; health care from aging; investment in technology, infrastructure, and buildings; energy transitions; and marketization of unpaid work. Not 

exhaustive.
5 See Jeffrey Lin, “Technological adaptation, cities, and new work,” Review of Economics and Statistics, volume 93, number 2, May 2011.

Technical 
automation 
potential

~50%
of current work activities are technically automatable 
by adapting currently demonstrated technologies.

6 of 10
current occupations have more than 30% of 
activities that are technically automatable

Impact of 
adoption 
by 20301

% of workers (FTEs2) Slowest FastestMidpoint

Work potentially displaced 
by adoption of automation, 
by adoption scenario

0% 
(10 million)

30%
(800 million)

15%
(400 million)

Workforce that could need to 
change occupational category, 
by adoption scenario3

0%
(<10 million)

14%
(375 million)

3%
(75 million)

Impact of 
demand for 
work by 2030 
from 7 select 
trends4

% of workers (FTEs) Low High

Trendline demand scenario 15% (390 million) 22% (590 million)

Step-up demand scenario 6% (165 million) 11% (300 million)

Total 21% (555 million) 33% (890 million)

In addition, of the 2030 workforce of 2.66 billion, 8–9% will be in new occupations5



Impacto de la tecnoloǵıa

3Jobs lost, jobs gained: Workforce transitions in a time of automationMcKinsey Global Institute

the mix of activities currently performed by workers and prevailing wage rates. They range 
from 9 percent in India to 26 percent in Japan in the midpoint adoption rate scenario 
(Exhibit E2). This is on par with the scale of the great employment shifts of the past, such 
as out of agriculture or manufacturing (Box E1, “The historical evidence on technology and 
employment is reassuring”). 

Exhibit E2

SOURCE: World Bank; Oxford Economics; McKinsey Global Institute analysis
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Exhibit E5

Jobs of the future: Employment growth and decline by occupation

Net impact of automation and seven catalysts of labor demand, 2016–30
% change (+/–), step-up labor demand, midpoint automation1

Occupation 
groups
% of labor 
force across 
6 focus 
countries Example occupational categories2

United 
States

Ger-
many Japan China Mexico India

Care 
providers
1–9

Doctors
Nurses, physicians assistants, and pharmacists
Childcare workers
Community and social workers

Educators
1–5

School teachers
Education support workers

Managers and 
executives
2–5

Executives

Managers

Professionals
2–19

Account managers
Engineers
Scientists and academics
Legal support workers 

Technology 
professionals
0–2

Computer engineers

Computer specialists

Builders
5–11

Architects, surveyors, and cartographers 
Construction workers
Crane and tower operators 

Creatives
0–1

Artists and designers
Entertainers/media workers

Within ±5 5 to 24 25 to 49 50 to 99 100 or more

-5 to -14-15 to -24-25 to -34-35 or less% change

SOURCE: US Bureau of Labor Statistics; McKinsey Global Institute analysis 

1 Midpoint of earliest and latest automation adoption in the “step-up” scenario (i.e., high job growth). Some occupational data projected into 2016 baseline from 
latest available 2014 data. 

2 A complete version of this heat map with all occupation groupings is in Chapter 3.

Customer 
interaction
10–25

Personal care workers
Food serving workers (hosts)
Sales workers (retail and online)
Hotel and travel workers

Office support
3–18

Computer support workers
Financial workers (procurement, payroll, etc)
Administrative assistants

Other jobs,
predictable 
environments
15–29

Production workers
Material moving machine operators
Agricultural graders and equipment operators
Food preparation workers
General mechanics

Other jobs,
unpredictable 
environments
9–42

Specialized mechanics and repair
Emergency first responders
Machinery installation and repair workers
Agricultural field workers
Building and grounds cleaners
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Exhibit E5

Jobs of the future: Employment growth and decline by occupation

Net impact of automation and seven catalysts of labor demand, 2016–30
% change (+/–), step-up labor demand, midpoint automation1

Occupation 
groups
% of labor 
force across 
6 focus 
countries Example occupational categories2

United 
States

Ger-
many Japan China Mexico India

Care 
providers
1–9

Doctors
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Childcare workers
Community and social workers

Educators
1–5

School teachers
Education support workers

Managers and 
executives
2–5

Executives

Managers

Professionals
2–19

Account managers
Engineers
Scientists and academics
Legal support workers 

Technology 
professionals
0–2

Computer engineers

Computer specialists

Builders
5–11

Architects, surveyors, and cartographers 
Construction workers
Crane and tower operators 

Creatives
0–1

Artists and designers
Entertainers/media workers

Within ±5 5 to 24 25 to 49 50 to 99 100 or more

-5 to -14-15 to -24-25 to -34-35 or less% change

SOURCE: US Bureau of Labor Statistics; McKinsey Global Institute analysis 

1 Midpoint of earliest and latest automation adoption in the “step-up” scenario (i.e., high job growth). Some occupational data projected into 2016 baseline from 
latest available 2014 data. 

2 A complete version of this heat map with all occupation groupings is in Chapter 3.
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Exhibit E8
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1,576

1,507

1,267

144

824

902

1,724

Displaced hours Added hours Net change in hours

Potential shifts for activities, educational requirements, and wages

SOURCE: ONET skill classification, US Bureau of Labor Statistics; McKinsey Global Institute analysis

NOTE: Some occupational data projected into 2016 baseline from latest available 2014 data. 

Net growth in work will involve more application of expertise, interaction, and management: Germany example
Total work hours by activity type, 2016–30 (Midpoint automation, step-up demand) (million)

Net change in total employment by 
education required, 2016–30 (not to scale)

Trendline

Step up

Middle-wage jobs may fare well in 
emerging economies but lose out in 
advanced economies
Net job change by wage tercile, 
step-up scenario
% ± change from 2030 labor supply due to 
automation and labor demand catalysts

0–30th

31st–70th

71st–100th

Education 
level

Projected net change 
to labor demand
Million

% change 
in jobs
Trendline 
to step-up

United States

Less than 
secondary -14 to -12

Secondary -12 to -2

Associate -5 to -2

College +6 to +12

Advanced +9 to +11

India

Less than 
secondary +2 to +8

Secondary +11 to +32

Associate +22 to +46

College +38 to +54

Advanced +73 to +79
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